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Abstract — This paper presents the result obtained by
Co-creation Informatics Laboratory (ccilab), Doshisha
University on Ad-hoc Video Search (AVS) task. Our
initial plan was to test the performance of a latest vision-
language model, especially SigLip2 [1]. However, in our
preliminary experiments, features extracted by the pre-
trained SigLip2 available on [2] did not work at all. Thus,
our submitted run ¥ M C D _ccilab.25.1 was obtained
using a basic vision-language model, namely OpenAl
CLIP [3], especially the pre-trained one released on [4].
The MAPs of our submitted run are 0.082 and 0.055 when
using the 2024 ground truth and the combination of the
2024 and 2025 ground truths, respectively.

I. Introduction

Since 2008, we are continuously participating in TREC (or
TRECVID until 2023) in order to objectively evaluate the
performance of our system through its comparison to systems
developed all over the world [S]. Although we participated
in medical domain tasks in the past two years [6, [7], this
year we return to Ad-hoc Video Search (AVS) task [8] to
focus on more fundamental image/video processing modules,
especially, feature extraction. Our aim is to examine the
performances of latest Vision-Language Models (VLMs) that
have been pre-trained on a huge number of image-caption
pairs collected on the Web. In particular, we focused on
SigLIP2 because its effectiveness as a visual encoder had been
proven in [1]. However, in our preliminary experiments on
V3Cl1 dataset [9], features extracted by the SigL.IP2 model
(siglip2-giant-opt-patch16-384) released on [2] did not work
at all. Hence, we decided to submit a result obtained by a
basic VLM, OpenAl CLIP [3]], especially the pre-trained one
available on [4].

II. Method

Because of the background described in the introduction, we
only had time to directly use CLIP’s text-to-image framework
to complete the AVS task on V3C2 dataset for the given
20 topics. Specifically, each topic is encoded into a vector
by CLIP’s text encoder, and each shot is represented by the
NIST-provided keyframe that is then encoded into a vector via
CLIP’s image encoder. Here, these vectors are normalised to
be of unit length. Under this setting, shots in V3C2 dataset are
ranked according to their cosine similarities to the topic, and
the top-ranked 1000 shots are regarded as our search result.

ITII. Results

Figs. [T] and 2] show the evaluation results of our submitted run
(F_M_C_D_ccilab.25.1) using the 2024 ground truth and the
combination of the 2024 and 2025 ground truths, respectively.
Our run is significantly outperformed by the others due to
the simplicity of our search method that just uses the basic
OpenAl CLIP. Our future work to improve it is described in
the next section.

IV. Conclusion

This paper presented our search method developed for
TREC 2025 AVS task and the evaluation results of the run
obtained by it (F_M_C_D_ccilab.25.1). To improve the
current performance, we are now exploring to leverage VLMs
(especially, SigLIP2 (ViT-gopt-16-SigLIP2-384) and CoCa
(coca_ViT-L-14)) pre-trained in OpenCLIP project [[10]. The
performances of these VLMs have been already validated
through our preliminary experiments on V3C1 dataset. Based
on this, we plan to finetune these VLMs to AVS task using
V3Cl1 dataset and past topics in the framework of CLIP-
adapter [L1].
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Fig. 1. Inferred average precisions of our submitted run (F_M_C_D_ccilab.25.1) for the given 20 topics when using the 2024 ground truth.
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Fig. 2. Inferred average precisions of our submitted run (F_M_C_D_ccilab.25.1) for the given 20 topics when using the combination of the

2024 and 2025 ground truths.
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